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            Abstract
          
        

        
          This study examines how online content exposure relates to xenophobic attitudes toward Chinese individuals within politically oriented Korean online communities. Drawing on the Social Identity Model of Deindividuation Effects and media exposure research, the study investigates both direct and indirect pathways linking content consumption, group norm conformity, and xenophobia. Survey data were collected from users of seven major Korean online communities identified as either conservative or progressive. Structural equation modeling results indicate that online content exposure is positively associated with xenophobia both directly and indirectly through conformity to defensive norms and heterogeneity norms. Multigroup analyses reveal that the normative mechanisms underlying xenophobia differ by political orientation. Conformity to heterogeneity norms appears to play a more prominent role among users in conservative communities, whereas conformity to defensive norms appears to be more influential among users in progressive communities. These findings suggest that passive exposure to community discourse may not be neutral but may enhance norm-based pathways to xenophobic attitudes. By integrating content consumption and norm conformity processes within a politically polarized context, this study contributes to understanding how online spaces structure intergroup attitudes in contemporary Korean society.
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      In recent years, anti-Chinese sentiment has become a notable global phenomenon, with increasingly negative views observed not only in Western nations but also across Asia and other regions. Public opinion research conducted by the Sinophone Borderlands project1 between 2020 and 2022 further underscores the severity of anti-Chinese sentiment in South Korea. Among 56 countries surveyed, South Korea reported the highest proportion of negative views toward China, with 81 percent of respondents expressing negative or very negative attitudes. Notably, unlike many Western societies where respondents tend to distinguish between the Chinese state and Chinese people, 77 percent of South Koreans also reported negative or very negative views toward Chinese people.2 This convergence of negative evaluations of both the country and its people suggests that anti-Chinese sentiment in South Korea extends beyond geopolitical criticism and may reflect deeper intergroup hostility.

      These attitudes have been shaped by long-standing historical grievances and contemporary tensions, including disputes over cultural heritage, economic competition, and environmental issues such as transboundary air pollution, which remains a prominent public concern in South Korea (Song, 2023a, 2023b). Negative portrayals of Chinese characters in popular culture have further reinforced these sentiments (Han & Shin, 2019a; Kim, 2016). However, structural tensions alone cannot fully explain why xenophobic attitudes persist and intensify within everyday communicative environments, particularly in digital spaces.

      South Korea is increasingly characterized as a multicultural society, with individuals from multicultural backgrounds comprising more than five percent of the population. Yet xenophobia remains a persistent social challenge with significant implications for social cohesion, economic integration, and psychological well-being (Han & Shin, 2019b; Mansouri, 2023). Negative attitudes toward Chinese individuals have led to exclusion and discrimination, particularly against Korean Chinese communities (ethnic Koreans with Chinese citizenship), despite shared ethnic heritage and linguistic familiarity. Understanding how such attitudes are socially reproduced and amplified is therefore not only academically important but also socially consequential.

      As a socially constructed phenomenon, hatred is transmitted within ingroups that share common norms and emotional orientations (Jung & Kim, 2024). Digital communication environments may intensify this process. The anonymity and reduced accountability of online interaction can strengthen conformity to perceived group norms and facilitate the expression of hostile sentiments (Lee & Kim, 2016). Online communities in South Korea, including forums and social media platforms, have become key spaces where anti-Chinese discourse spreads and is reinforced. Studies have shown that discussions surrounding issues such as fine dust pollution and the COVID-19 pandemic have contributed to the spread of negative attitudes toward both the Chinese government and Chinese people (Chen et al., 2021; Song, 2023a, 2023b).

      While prior research has documented the existence of anti-Chinese discourse online, less attention has been paid to the psychological and normative mechanisms through which routine content consumption within online communities translates into xenophobic attitudes. It remains unclear whether xenophobia is driven solely by exposure to explicitly China-related content, or whether broader patterns of content consumption within polarized communities can also cultivate hostility through heightened conformity to group norms.

      To address this gap, this study draws on the Social Identity Model of Deindividuation Effects (SIDE), which posits that in anonymous or deindividuated contexts, individuals are more likely to align their attitudes and behaviors with salient group norms (Finn, 2016; Gazan, 2009; Keipi et al., 2016; Lee, 2007; Melchiori et al., 2023; Postmes et al., 2000; Reicher et al., 1995). Building on SIDE, this study conceptualizes xenophobia as a normatively structured outcome shaped by two forms of group norm conformity: conformity to defensive norms and conformity to heterogeneity norms. Rather than treating media exposure as a direct cause of prejudice, the study examines whether content consumption operates through these normative pathways.

      Specifically, this study examines whether content consumption within Korean online communities directly and indirectly influences xenophobia toward Chinese individuals through group norm conformity. Using survey data from users of selected conservative and progressive online communities, the study tests a structural equation model to assess both direct and mediated relationships among content consumption, conformity to defensive norms, conformity to heterogeneity norms, and xenophobia. In addition, by comparing users in conservative and progressive communities, the study explores whether the normative pathways linking content consumption to xenophobia differ across politically distinct communicative environments. The findings offer a clearer picture of how everyday engagement with online communities may be linked to xenophobic attitudes through norm-based processes, particularly within politically polarized environments.

    

    

  
    
      LITERATURE REVIEW
      
        Online Content Exposure and Xenophobia
        Online communities provide structured environments in which users are repeatedly exposed to shared narratives, discussions, and evaluative frames (Boyd & Ellison, 2007). Although participation in such communities may involve a range of activities from posting and commenting to more interactive exchanges, a substantial proportion of users primarily engage through passive content exposure. Prior research has consistently shown that many community members “lurk,” regularly reading posts and following discussions without actively contributing (Nonnecke, 2000; Nonnecke et al., 2004). This form of engagement allows users to remain informed and socially connected while minimizing direct interaction.

        Passive exposure, however, is not merely observational. Repeated browsing of posts, comments, and shared materials situates users within a patterned communicative environment in which certain themes and interpretations may recur (Stroud, 2010). Over time, such exposure can contribute to the formation of shared meanings and expectations within the community. Earlier studies on computer-mediated communication suggest that even without active contribution, accumulated exposure to group discourse can shape perceptions of norms, boundaries, and group identities (Haythornthwaite, 2007; Rafaeli & Sudweeks, 1997). From a media-effects perspective, repeated exposure to consistent narratives may gradually influence attitudes toward social groups. Cultivation research demonstrates that long-term exposure to stable media patterns can shape individuals’ perceptions of social reality (Gerbner et al., 2002; Morgan & Shanahan, 2010). In digitally mediated environments, where users often encounter ideologically homogeneous discussions shaped by competing collective narratives (Bliuc et al., 2021), recurring evaluative frames may normalize particular interpretations of outgroups. Empirical research indicates that exposure to politically aligned online discussions can reinforce stereotypes and prejudicial attitudes, even when users are not actively participating in the production of content (Costello et al., 2020; Wojcieszak & Mutz, 2009).

        In Korean society, online discourse concerning China-related issues has frequently involved negative framing, particularly in politically oriented communities. Recent empirical studies provide support for the presence of recurring negative representations in China-related discourse within Korean online environments. Analyses of discussions surrounding issues such as fine dust pollution, COVID-19, and geopolitical tensions show that China is often framed as a source of responsibility or threat in online communication (Hwang, 2025; Jung & Kim, 2024; Noh & Sim, 2026; Song, 2023a, 2023b). Although such framing may be more prominent in politically conservative communities, it is not entirely confined to them (Chau & Xu, 2007; Hwang, 2025; Koo et al., 2024). Major national issues that receive extensive media attention tend to generate cross-community discussion, allowing similar evaluative frames to circulate across spaces with different political orientations (Karolidou & Matsiola, 2025). As a result, even in communities where explicitly anti-Chinese discourse is less dominant, users may still encounter recurring narratives that emphasize responsibility, difference, or competition.

        Given the self-selective and heterogeneous nature of online environments, users may encounter different types of content depending on their interests and browsing patterns. Rather than assuming that all content encountered within online communities is uniformly anti-Chinese or that users are consistently exposed to explicitly xenophobic discourse, this study conceptualizes the volume and nature of such content as varying across communities, sub-communities, and individual usage patterns. From this perspective, content exposure is understood as engagement with the broader communicative environment of an online community. It functions as a pathway through which individuals become embedded in a community’s normative climate, rather than as a direct measure of exposure to specific anti-Chinese discourse. Through this process, sustained exposure to community-level frames and norms may contribute to the reinforcement of unfavorable evaluations of Chinese individuals.

        Prior research suggests that even when specific content varies, users can be repeatedly exposed to dominant narratives, evaluative frames, and patterns of interpretation that characterize the community (Bliuc et al., 2021; Steinfeld & Lev-on, 2024; Wojcieszak & Mutz, 2009). In the Korean context, studies have documented that online discussions surrounding China-related issues often contain recurring negative framings, particularly in politically oriented spaces (Hwang, 2025; Noh & Sim, 2026; Song, 2023b). Continuous exposure to such discourse may shape perceptions of what viewpoints are typical, acceptable, or normative within that environment. At the same time, participation in online communities is inherently selective, as users tend to choose environments that align with their existing beliefs and preferences, a pattern commonly described as selective exposure (Dvir-Gvirsman et al., 2016; Weeks et al., 2017). This raises the possibility that observed associations between content exposure and xenophobic attitudes may partially reflect the influence of self-selection rather than exposure alone (Hwang, 2025). However, prior research suggests that continued engagement with ideologically consistent content not only reflects pre-existing attitudes but also reinforces and intensifies them over time (Stroud, 2010; Wojcieszak & Mutz, 2009).

        Integrating cultivation and norm-based perspectives, repeated exposure to stable patterns of discourse may both strengthen evaluative orientations toward social reality and increase the perceived salience of existing group norms. In other words, content exposure may function as a mechanism that stabilizes and amplifies norm-consistent attitudes rather than solely initiating them. Accordingly, this study focuses on the association between online content exposure and xenophobic attitudes toward Chinese individuals within Korean online communities, while recognizing that this relationship may reflect both reinforcement of existing orientations and alignment with perceived community norms.

        
          	Hypothesis 1. Content consumption positively (+) influences xenophobia toward Chinese individuals


        

      

      
        Group Norm Conformity in Online Communities
        Online communities are not only spaces for information exchange but also environments in which shared norms gradually emerge. In these environments, norms are not limited to behavioral rules but also include shared interpretive frameworks through which social groups and issues are understood (Bliuc et al., 2021; Postmes et al., 2000). Through repeated exposure to discussions, reactions, and patterns of approval or sanction, users develop an understanding of what attitudes are acceptable within the group (Cialdini et al., 1990; Norris, 2002; Rajadesingan et al., 2020). Norms and rules, whether formal or informal, function as organizing principles that shape how individuals interpret, evaluate, and respond within the community (De Souza & Preece, 2004). Although some norms are formally articulated in community guidelines, many are conveyed implicitly through recurring narratives and collective responses. Over time, these patterns shape a normative climate that influences how members interpret social issues and evaluate outgroups.

        The Social Identity Model of Deindividuation Effects (SIDE) provides a useful theoretical framework for understanding this process. SIDE proposes that when group identity becomes salient in computer-mediated settings, individuals tend to align their attitudes with perceived group norms (Postmes et al., 2000; Reicher et al., 1995). In politically oriented online communities where members often share similar ideological positions, repeated exposure to consistent evaluative frames may heighten the salience of particular normative orientations (Bliuc et al., 2021; Wojcieszak & Mutz, 2009). Conformity in such environments reflects not only adherence to explicit rules but also alignment with collectively constructed meanings. As these meanings are repeatedly expressed and reinforced within the group, they can become normative references that guide how members interpret outgroups and evaluate intergroup relations (Ivaturi & Chua, 2019).

        In politically oriented communities, norms may center on how outgroups are interpreted. Some communities may cultivate defensive narratives that frame outgroups as threatening or competitive. Others may emphasize perceived differences between “us” and “them,” reinforcing social distance. Drawing from social identity and self-categorization perspectives, defensive responses are likely to emerge when ingroup is perceived as challenged (Tajfel & Turner, 1986), while emphasizing intergroup differences strengthens ingroup cohesion and psychological boundaries (Brewer, 1999; Turner, 2010). These processes are closely linked to prejudice and xenophobia, as perceiving an outgroup as threatening or fundamentally different increases social distance, negative evaluation, and exclusionary attitudes (Stephan & Stephan, 2013; Stephan et al., 2009). Prior research has also shown that threat-based and differentiation-based perceptions are key psychological antecedents of intergroup hostility in both offline and online contexts (Bliuc et al., 2021; Costello et al., 2017). These processes suggest that conformity to community norms can take distinct forms, including defensive framing and perceived heterogeneity toward an outgroup.

        In the present study, group norm conformity is operationalized through two sub-dimensions: conformity to defensive norms and to heterogeneity norms. Conformity to defensive norms refers to alignment with norms that interpret the outgroup in defensive or competitive terms. Conformity to heterogeneity norms refers to alignment with norms that emphasize fundamental differences between ingroup and outgroup members. These two dimensions are selected because they represent theoretically grounded and empirically supported pathways through which intergroup perceptions translate into exclusionary attitudes, capturing both threat-based and differentiation-based mechanisms of prejudice. Both dimensions reflect ways in which normative climates within online communities may structure intergroup evaluations. Accumulated exposure to community narratives may reinforce these normative orientations. As users repeatedly encounter defensive or differentiation-based discourse, such perspectives can be perceived as dominant or expected within the community. In this way, online content exposure may strengthen conformity to prevailing norms. When individuals internalize norms that frame an outgroup as threatening or fundamentally distinct, such perceptions are more likely to translate into xenophobic attitudes, as they legitimize negative evaluations and social exclusion.

        
          	Hypothesis 2a. Content consumption positively (+) influences conformity to defensive norms.


          	Hypothesis 2b. Content consumption positively (+) influences conformity to heterogeneity norms.


          	Hypothesis 3a. Conformity to defensive norms positively (+) influences xenophobia toward Chinese individuals.


          	Hypothesis 3b. Conformity to heterogeneity norms positively (+) influences xenophobia toward Chinese individuals.


        

        Prior research indicates that prejudicial attitudes are highly sensitive to perceived social norms. Individuals are more likely to express or internalize prejudice when such attitudes are perceived as socially approved within their group (Crandall et al., 2002). In computer-mediated environments, intra-group discussions can consolidate shared evaluative positions and intensify intergroup hostility, particularly when dominant perspectives go unchallenged (Smith & Postmes, 2009). When members deviate from dominant normative positions (e.g., expressing favorable views toward an outgroup), they may encounter social sanction or disapproval from other group members. Such feedback mechanisms can reinforce alignment with prevailing attitudes and discourage norm violation, thereby strengthening exclusionary orientations over time. Norms in online communities are constructed and reinforced through repeated interaction and exposure to consistent narratives (Postmes et al., 2000). As users observe which positions receive approval and which are criticized, perceptions of what constitutes acceptable intergroup evaluation become increasingly salient. These processes suggest that exposure to community discourse may influence xenophobic attitudes indirectly by strengthening conformity to prevailing group norms. Accordingly, the present study examines whether group norm conformity mediates the relationship between online content exposure and xenophobia.

        
          	Research question 1. How does content consumption indirectly influence xenophobia toward Chinese through group norm conformity?


        

      

      
        Ideological Context and Political Orientation
        Political orientation plays a particularly salient role in Korean online communities. Unlike more loosely structured social media environments, many Korean discussion forums are widely recognized for their distinct ideological leanings. Prior research has identified clear political tendencies across major communities, with some platforms consistently associated with conservative orientations and others with progressive positions (Koo et al., 2024; Seok & Chang, 2017; Shin et al., 2022). In the present study, Ilbe, FM Korea, DC Inside, and MLB Park were categorized as conservative communities, while Clien, Today Humor, and Ppomppu were categorized as progressive communities, reflecting established scholarly classifications and public recognition of their ideological stances. Ideological homogeneity within such communities shapes both normative climates and patterns of interaction. Research suggests that individuals with stronger or more extreme political orientations tend to form more homogeneous networks, reinforcing shared beliefs and evaluative frames (Boutyline & Willer, 2017). Online discussions on politically salient issues are frequently clustered among ideologically aligned users, contributing to the consolidation of group narratives (Barberá et al., 2015). In such environments, collective interpretations of social issues may become more polarized, particularly when dissenting perspectives are limited.

        These dynamics are particularly noteworthy in the Korean context, where political polarization is increasingly structuring online discourse. Earlier studies have associated communities with pronounced ideological orientations with intensified group cohesion, perceived threat, and the amplification of exclusionary rhetoric (Cloudy et al., 2023; Seok & Chang, 2017). When ideological identity becomes central to group belonging, conformity to community norms may operate differently across political contexts. Norms emphasizing threat sensitivity or intergroup differentiation may be more salient in some communities than in others, thereby shaping how exposure to community discourse translates into intergroup attitudes. Given these considerations, the present study examines whether the relationships among online content exposure, group norm conformity, and xenophobia differ between users in conservative and progressive online communities.

        
          	Research question 2. How do the relationships among main variables differ between users of conservative and progressive online communities?


        

      

    

    

  
    
      RESEARCH METHOD
      This study focuses on online communities as bounded communicative environments in which shared norms and group identities are more salient, consistent with conditions under which SIDE-based processes are expected to operate. Accordingly, the research design centers on politically oriented Korean online communities, where normative climates are relatively stable and observable.

      
        Participants
        The participants in this study comprised users of at least one of seven major Korean online communities selected for their distinct conservative and progressive orientations: Ilbe (일베), FM Korea (에펨코리아), DC Inside (DC인사이드), MLB Park (엠엘비파크), Clien (클리앙), Today Humor (오늘의유머), and Ppomppu (뽐뿌). These communities had been identified in prior research as influential platforms for political discourse in South Korea (Koo et al., 2024; Park, 2022; Shim, 2015), and were therefore suited for examining the study’s main variables.

        Based on previous content analyses and survey-based classifications, Ilbe, FM Korea, DC Inside, and MLB Park were categorized as conservative-leaning communities, whereas Clien, Today Humor, and Ppomppu were classified as progressive-leaning communities (Koo et al., 2024). All selected communities are independent of government or corporate control and primarily rely on user-generated content, allowing for relatively naturalistic observation of political discussion. By sampling from communities with contrasting ideological orientations, the study aimed to capture a broad range of political perspectives while minimizing confounding differences attributable to community type (e.g., fan communities vs. news communities).

        To be eligible, participants had to be current users of at least one of the seven communities and to have engaged with the community within the past month. Participants were recruited through the online access panel of Hankook Research, a professional survey research firm in South Korea. A total of 400 respondents were initially collected, with equal quotas set for conservative and progressive community users. After excluding responses that were incomplete, inconsistent, or failed attention checks, 345 valid cases remained for analysis. The final sample included users from both ideological groups in roughly comparable proportions, enabling meaningful comparative analyses between conservative and progressive community users.

      

      
        Procedure
        In this study, data were collected through a web-based survey. The survey consisted of three main sections: filtering questions, substantive questions, and demographic questions. Filtering questions were used to screen and ensure that participants met the study’s criteria. Substantive questions explored participants’ perceptions and experiences related to the main variables. Demographic questions were included to gather participants’ background information such as age, gender, education level, political tendency, and other relevant characteristics.

        The survey was active from September 20 to September 30, 2024, during which participants were invited to complete the questionnaire. All responses were kept anonymous and confidential to protect participant privacy.

      

      
        Sociodemographic Characteristics
        The final sample consisted of 345 participants, including 241 males (69.9%) and 104 females (30.1%). In terms of age, respondents were relatively evenly distributed across age groups: 22.9% were aged 20–29, 23.5% were 30–39, 31.0% were 40–49, and 22.6% were 50–59. Regarding education, most participants (76.5%) were either currently enrolled in or had graduated from a university, while 14.5% had completed high school and 8.4% had attended or graduated from graduate school.

        Participants represented a range of occupational backgrounds. The largest group worked in clerical or technical positions (46.7%), followed by those in professional or freelance occupations (10.1%). Homemakers and those employed in the service industry each accounted for 7.2% of the sample. With respect to place of residence, the largest proportion lived in the Gyeonggi/Incheon area (30.4%), followed by Seoul (28.7%) and the Gyeongsang/Busan/Ulsan/Daegu region (25.8%). Political orientation was reported as progressive by 27.8% of participants, neutral by 45.2%, and conservative by 27.0%.

        Participants were also asked to indicate the online community they used most frequently. Among the listed communities, DCinside (DC인사이드), a conservative-leaning forum, was reported most often (32.2%), followed by Ppomppu (뽐뿌), a progressive-leaning community (24.9%), and Today Humor (오늘의유머), another progressive community (22.3%).

        Table 1 presents the detailed sociodemographic characteristics of the participants.

        
          Table 1. 
				
          

          
            Sociodemographic Characteristics of Participants
          
          

        

        
          
            
              	Variables
              	
                n
              
              	%
            

          
          
            	Gender
            	Male
            	241
            	69.9%
          

          
            	Female
            	104
            	30.1%
          

          
            	 Age
            	20-29
            	79
            	22.9%
          

          
            	30-39
            	81
            	23.5%
          

          
            	40-49
            	107
            	31.0%
          

          
            	50-59
            	78
            	22.6%
          

          
            	 Education level
            	Middle school graduate or below
            	2
            	.6%
          

          
            	High school graduate
            	50
            	14.5%
          

          
            	Currently attending or graduated from university
            	264
            	76.5%
          

          
            	Currently attending or graduated from graduate school
            	29
            	8.4%
          

          
            	 Occupation
            	Agriculture/Forestry/Fishery
            	2
            	.6%
          

          
            	Self-employed
            	14
            	4.1%
          

          
            	Sales/Service
            	25
            	7.2%
          

          
            	Skilled Labor
            	16
            	4.6%
          

          
            	General Labor
            	19
            	5.5%
          

          
            	Clerical/Technical
            	161
            	46.7%
          

          
            	Management/Administration
            	17
            	4.9%
          

          
            	Professional/Freelance
            	35
            	10.1%
          

          
            	Homemaker
            	25
            	7.2%
          

          
            	Student
            	11
            	3.2%
          

          
            	Unemployed/Other
            	20
            	5.8%
          

          
            	 Region of residence
            	Seoul
            	99
            	28.7%
          

          
            	Gyeonggi/Incheon
            	105
            	30.4%
          

          
            	Chungcheong/Daejeon/Sejong
            	20
            	5.8%
          

          
            	Jeolla/Gwangju
            	23
            	6.7%
          

          
            	Gyeongsang/Busan/Ulsan/Daegu
            	89
            	25.8%
          

          
            	Gangwon
            	8
            	2.3%
          

          
            	Jeju
            	1
            	0.3%
          

          
            	 Political orientation
            	Progressive
            	96
            	27.8%
          

          
            	Neutral
            	156
            	45.2%
          

          
            	Conservative
            	93
            	27.0%
          

          
            	 Most frequently used online community
            	(Conservative) Ilbe (일베)
            	15
            	4.3%
          

          
            	(Conservative) FM Korea (에펨코리아)
            	25
            	7.2%
          

          
            	(Conservative) DCinside (DC인사이드)
            	111
            	32.2%
          

          
            	(Conservative) MLBPark (엠엘비파크)
            	19
            	5.5%
          

          
            	(Progressive) Clien (클리앙)
            	12
            	3.5%
          

          
            	(Progressive) Today Humor (오늘의유머)
            	77
            	22.3%
          

          
            	(Progressive) Ppomppu (뽐뿌)
            	86
            	24.9%
          

          
            	N = 345 (100%)
          

        

        

      

      
        Measurement
        
          Content Consumption
          Content consumption was assessed with respect to participants’ most frequently used online community. The items were adapted from prior research on media and technology use (Rosen et al., 2013) and focused on the frequency with which participants read or browsed community content. Participants responded to the items using a 7-point Likert scale ranging from 1 (Never) to 7 (Always). Higher scores indicated more frequent consumption of content in the selected online community. An index score was computed by averaging the items, following factor analysis to confirm the scale’s reliability and validity.

        

        
          Group Norm Conformity
          Group norm conformity was defined as the extent to which individuals in an online community align with the collective norm of holding hostile attitudes toward Chinese people. Rather than measuring individuals’ personal attitudes directly, this construct captures the degree to which individuals perceive and conform to community-level normative orientations toward an outgroup. This construct was measured using items developed for this study to capture two theoretically relevant dimensions: conformity to defensive norms toward Chinese people and conformity to heterogeneity norms toward Chinese people.

          To better capture conformity rather than direct endorsement of threat-based beliefs, the measurement items were designed to assess perceived normative tendencies and individuals’ alignment with those tendencies. For conformity to defensive norms, participants responded to two items: “Users of [community name] tend to show defensive attitudes toward Chinese people” and “As a user of [community name], I tend to be defensive toward Chinese people.” For conformity to heterogeneity norms, participants responded to two items: “Users of [community name] tend to think Chinese people are culturally or socially different from themselves” and “As a user of [community name], I think I am culturally or socially different from Chinese people.” All items were rated on a 7-point Likert scale ranging from 1 (strongly disagree) to 7 (strongly agree).

          Group norm conformity was conceptualized as the degree of alignment between individuals’ self-reported responses and their perceptions of group-level norms. For each subfactor, an alignment score was computed based on the absolute difference between self score and perceived group score, with higher scores indicating greater alignment. Identical responses for the self score and perceived group score were coded as the highest alignment, whereas larger discrepancies resulted in lower alignment scores.

          To account for the perceived strength and direction of group norms, the alignment score was then weighted by multiplying it by the perceived group score. This multiplicative approach reflects the theoretical assumption that the influence of alignment is contingent on the perceived strength of group norms, such that conformity effects are amplified when both alignment and perceived norm strength are high. The resulting norm-weighted conformity scores represent conformity to group-level normative orientations rather than individual attitudinal tendencies. All analyses were conducted using these norm-weighted conformity scores. The full scoring scheme and weighting procedure are presented in Table 2.

          
            Table 2. 
				
            

            
              Scoring System for Group Norm Conformity
            
            

          

          
            
              
                	Self score
                	Perceived group score
                	Alignment score
                	
                  Norm-weighted conformity score
                
                	Self score
                	Perceived group score
                	Alignment score
                	
                  Norm-weighted conformity score
                
              

            
            
              	1
              	1
              	7
              	
                7
              
              	4
              	5
              	6
              	
                30
              
            

            
              	1
              	2
              	6
              	
                12
              
              	4
              	6
              	5
              	
                30
              
            

            
              	1
              	3
              	5
              	
                15
              
              	4
              	7
              	4
              	
                28
              
            

            
              	1
              	4
              	4
              	
                16
              
              	5
              	1
              	3
              	
                3
              
            

            
              	1
              	5
              	3
              	
                15
              
              	5
              	2
              	4
              	
                8
              
            

            
              	1
              	6
              	2
              	
                12
              
              	5
              	3
              	5
              	
                15
              
            

            
              	1
              	7
              	1
              	
                7
              
              	5
              	4
              	6
              	
                24
              
            

            
              	2
              	1
              	6
              	
                6
              
              	5
              	5
              	7
              	
                35
              
            

            
              	2
              	2
              	7
              	
                14
              
              	5
              	6
              	6
              	
                36
              
            

            
              	2
              	3
              	6
              	
                18
              
              	5
              	7
              	5
              	
                35
              
            

            
              	2
              	4
              	5
              	
                20
              
              	6
              	1
              	2
              	
                2
              
            

            
              	2
              	5
              	4
              	
                20
              
              	6
              	2
              	3
              	
                6
              
            

            
              	2
              	6
              	3
              	
                18
              
              	6
              	3
              	4
              	
                12
              
            

            
              	2
              	7
              	2
              	
                14
              
              	6
              	4
              	5
              	
                20
              
            

            
              	3
              	1
              	5
              	
                5
              
              	6
              	5
              	6
              	
                30
              
            

            
              	3
              	2
              	6
              	
                12
              
              	6
              	6
              	7
              	
                42
              
            

            
              	3
              	3
              	7
              	
                21
              
              	6
              	7
              	6
              	
                42
              
            

            
              	3
              	4
              	6
              	
                24
              
              	7
              	1
              	1
              	
                1
              
            

            
              	3
              	5
              	5
              	
                25
              
              	7
              	2
              	2
              	
                4
              
            

            
              	3
              	6
              	4
              	
                24
              
              	7
              	3
              	3
              	
                9
              
            

            
              	3
              	7
              	3
              	
                21
              
              	7
              	4
              	4
              	
                16
              
            

            
              	4
              	1
              	4
              	
                4
              
              	7
              	5
              	5
              	
                25
              
            

            
              	4
              	2
              	5
              	
                10
              
              	7
              	6
              	6
              	
                36
              
            

            
              	4
              	3
              	6
              	
                18
              
              	7
              	7
              	7
              	
                49
              
            

            
              	4
              	4
              	7
              	
                28
              
              	
              	
              	
              	
            

          

          
            
              Note.  Conformity score is calculated based on the absolute difference between the self score and the perceived group score. The norm conformity score is computed by multiplying the conformity score by perceived group score, reflect-ing the strength of perceived group norms. 
            

          

          

          
            
            

            Figure 1. 
				
            

            
              Research Model
            
            

            

          

        

        
          Xenophobia toward Chinese
          Xenophobia toward Chinese people was defined as an irrational state of discomfort or hostility, including derogatory attitudes and hostile dispositions toward Chinese individuals (Hjerm, 1998; Pain, 2007). Ten items adapted from Choi and Kim (2013) were modified to better align with the context and social background. Participants responded to these items using a 7-point Likert scale ranging from strongly disagree (1) to strongly agree (7). The index score for xenophobia was calculated by averaging the ratings, with higher score indicating stronger xenophobic attitudes.

        

        
          Filtering Questions
          At the beginning of the survey, filtering questions were used to ensure that respondents met the study’s eligibility criteria. Participants were required to be between 20 and 59 years old and to be users of at least one of the designated online communities: Ilbe (일베), FM Korea (에펨코리아), DC Inside (디시인사이드), MLB Park (엠엘비파크), Clien (클리앙), Today Humor (오늘의유머), or Ppomppu (뽐뿌). Participants who indicated that they used at least one of these communities were asked to identify the one they used most frequently. Throughout the survey, the name of the selected community was inserted into relevant items (e.g., “Users of [community name] tend to show defensive attitudes toward Chinese people.”). This procedure ensured that the data were collected from participants who met the study’s criteria regarding age and online community usage.

          
            Table 3. 
				
            

            
              Measurement Scales for Main Variables
            
            

          

          
            
              
                	Variable
                	Citation
                	Item No.
                	Scale item
              

            
            
              	Content consumption
              	
                
                  Rosen, Whaling, Carrier, Cheever & Rokkum, 2013
                
              
              	1
              	I often read postings on [community name].
            

            
              	2
              	I frequently browse postings, photos, comments on [community name].
            

            
              	 Group norm conformity
              	 Developed by the researcher
              	Conformity to defensive norms
            

            
              	1
              	Users of [community name] tend to show defensive attitudes toward Chinese people.
            

            
              	2
              	As a user of [community name], I tend to be defensive toward Chinese people.
            

            
              	Conformity to heterogeneity norms
            

            
              	1
              	Users of [community name] tend to think Chinese people are culturally or socially different from themselves.
            

            
              	2
              	As a user of [community name], I think I am culturally or socially different from Chinese people.
            

            
              	 Xenophobia toward Chinese
              	
                
                  Choi & Kim, 2013
                
              
              	1
              	An increase in Chinese people in Korea worsens social issues like fine dust pollution and crime.
            

            
              	2
              	Neighborhoods with a large Chinese population are perceived as dangerous and dirty.
            

            
              	3
              	I would feel uncomfortable if Chinese people moved into my neighborhood.
            

            
              	4
              	The increasing number of Chinese people makes our society more uneasy.
            

            
              	5
              	I feel uneasy when I see Chinese people speaking Chinese to each other in public places.
            

            
              	6
              	I am concerned that unfamiliar aspects of Chinese culture (food, customs, etc.) will spread in our society.
            

            
              	7
              	I worry that the growing Chinese population will harm our nation's unique customs and traditions.
            

            
              	8
              	I believe Chinese children should not receive excessive benefits such as camps or free education in schools.
            

            
              	9
              	I wish there weren't so many Chinese people in Korea.
            

            
              	10
              	Chinese workers are taking away jobs from Korean workers.
            

          

          

        

        
          Demographic Questions
          The questionnaire also included a set of demographic questions to collect background information about the participants. These items asked about income, region of residence, education level, occupation, and political orientation. This information was used to describe the sample and to provide contextual background for interpreting the study’s findings.

        

      

      
        Analysis Approach
        To evaluate the validity of of the measurement structure, exploratory factor analysis (EFA) was conducted using SPSS 29.0. Reliability analyses, descriptive statistics, and bivariate correlations were subsequently computed to examine the internal consistency of the scales and the preliminary relationships among the main variables.

        
          Table 4. 
				
          

          
            Exploratory Factor Analysis Results for Xenophobia and Content Consumption
          
          

        

        
          
            
              	KMO Measure of Sampling Adequacy (MSA)
              	.91
            

          
          
            	Bartlett’s Test of Sphericity
            	Approx. Chi-Square
            	3230.13
          

          
            	Degrees of Freedom
            	66
          

          
            	
              p	
            
            	< .001
          

          
            	Item
            	Communalities
            	Factor loadings
          

          
            	1
            	2
          

          
            	XE1
            	.69
            	.89
            	.01
          

          
            	XE2
            	.73
            	.86
            	-.03
          

          
            	XE3
            	.73
            	.85
            	-.05
          

          
            	XE4
            	.80
            	.83
            	-.12
          

          
            	XE5
            	.59
            	.83
            	-.06
          

          
            	XE6
            	.64
            	.79
            	-.15
          

          
            	XE7
            	.65
            	.79
            	-.17
          

          
            	XE8
            	.62
            	.79
            	.02
          

          
            	XE9
            	.71
            	.78
            	-.16
          

          
            	XE10
            	.65
            	.75
            	-.15
          

          
            	CC1
            	.88
            	.38
            	.85
          

          
            	CC2
            	.87
            	.42
            	.84
          

          
            	Eigenvalue
            	7.01
            	1.55
          

          
            	Variance explained (%)
            	58.40%
            	12.89%
          

          
            	Cumulative variance explained (%)
            	58.40%
            	71.29%
          

        

        

        Proposed hypotheses and research questions were tested through structural equation modeling (SEM) using AMOS 23.0. The model estimated both direct and indirect effects among content consumption, conformity to defensive norms and to heterogeneity norms, and xenophobia. In addition, multigroup analysis was conducted to compare structural relationships between users classified by their primary engagement with progressive and conservative online communities.

        
          Ethics Statement
          This study did not require formal Institutional Review Board (IRB) approval under applicable institutional guidelines. All participants voluntarily participated in the survey, and informed consent was obtained prior to data collection. The study was conducted in accordance with standard ethical principles for research involving human participants, including confidentiality and anonymity of responses.

        

      

    

    

  
    
      RESULTS
      
        Exploratory Factor Analysis
        An exploratory factor analysis (EFA) was conducted to examine the validity of the proposed measurement model. Conformity to defensive norms and to heterogeneity norms were excluded from the analysis because each was operationalized as a single composite item, calculated from two indicators measuring participants’ self-perceptions and their perceptions of others, respectively. Given that EFA is intended for multi-item constructs, these two variables were not included in the factor extraction procedure.

        The results of the EFA indicated that the measurement items loaded strongly onto their intended factors, clearly distinguishing between xenophobia and content consumption. The eigenvalues for both factors exceeded 1, indicating adequate explanatory power. All primary factor loadings exceeded .74, suggesting strong associations between the items and their respective constructs. Moreover, the two factors jointly accounted for 71.29% of the total variance, demonstrating satisfactory explanatory power and supporting the construct validity of the measurement model. Overall, the EFA results indicate that the measurement structure is robust and suitable for subsequent analyses.

      

      
        Descriptive Statistics
        Table 5 presents the descriptive statistics and group comparisons for the main variables. The measures showed satisfactory internal consistency, with Cronbach’s alpha values of .87 for content consumption and .95 for xenophobia.

        
          Table 5. 
				
          

          
            Descriptive Statistics and ANOVA Results for Main Variables
          
          

        

        
          
            
              	
              	M (SD)
              	ANOVA Results
            

            
              	Total (n = 345)
              	Progressive communities (n = 175)
              	Conservative communities (n = 170)
            

          
          
            	Content consumption
            	4.72 (1.22)
            	4.59 (1.09)
            	4.86 (1.34)
            	F = 4.25 
p = .08†
          

          
            	Conformity to defensive norms
            	27.59 (10.12)
            	26.34 (9.01)
            	28.87 (11.03)
            	F = 5.45 
p = .02*
          

          
            	Conformity to heterogeneity norms
            	29.90 (10.47)
            	27.90 (9.75)
            	31.96 (10.80)
            	F = 13.50
p < .001***
          

          
            	Xenophobia
            	4.57 (1.29)
            	4.48 (1.31)
            	4.66 (1.26)
            	F = 1.83 
p = .18 
          

        

        
          
            † p  < .10, * p  < .05, ** p  < .01, *** p  < .001 
          

        

        

        Analysis of variance (ANOVA) results indicated group differences between progressive and conservative communities. Content consumption was higher among users of conservative communities (M = 4.86, SD = 1.34) than progressive communities (M = 4.59, SD = 1.09), although this difference only marginally approached statistical significance (F = 4.25, p = .08). Significant group differences were observed for conformity to defensive norms (F = 5.45, p = .02) and conformity to heterogeneity norms (F = 13.50, p < .001), with conservative community users scoring higher on both measures. No significant group difference was found for xenophobia.

      

      
        Correlation Matrix
        Table 6 presents the correlations among the main variables. Content consumption was positively correlated with conformity to defensive norms (r = .22, p < .001) and conformity to heterogeneity norms (r = .27, p < .001). Conformity to defensive norms and to heterogeneity norms were also strongly and positively correlated (r = .52, p < .001). Xenophobia showed significant positive correlations with content consumption (r = .33, p < .001), conformity to defensive norms (r = .30, p < .001), and conformity to heterogeneity norms (r = .32, p < .001). These results indicate that higher levels of xenophobia are associated with greater content consumption and stronger conformity to defensive and heterogeneity norms toward Chinese people.

        
          Table 6. 
				
          

          
            Correlation Results between Main Variables
          
          

        

        
          
            
              	
              	1
              	2
              	3
              	4
            

          
          
            	1. Content consumption
            	1
            	
            	
            	
          

          
            	2. Conformity to defensive norms
            	.22***
            	1
            	
            	
          

          
            	3. Conformity to heterogeneity norms
            	.27***
            	.52***
            	1
            	
          

          
            	4. Xenophobia
            	.33***
            	.30***
            	.32***
            	1
          

        

        
          
            † p  < .10, * p  < .05, ** p  < .01, *** p  < .001 
          

        

        

      

      
        Hypothesis Testing
        
          Model Fit Analysis
          A structural equation model was estimated to examine both the direct and indirect effects of content consumption on xenophobia, with conformity to defensive norms and to heterogeneity norms specified as mediators. Prior to evaluating the structural paths, the overall model fit was assessed. The fit indices are reported in Table 7.

          
            Table 7. 
				
            

            
              Model Fit Indices
            
            

          

          
            
              
                	
                	Absolute fit indices
                	Incremental fit indices
              

              
                	
                  CMIN
                
                	
                  CMIN/df
                
                	
                  RMSEA
                
                	
                  GFI
                
                	
                  NFI
                
                	
                  RFI
                
                	
                  IFI
                
                	
                  TLI
                
                	
                  CFI
                
              

            
            
              	Test statistic
              	149.27***
              	2.13
              	.06
              	.94
              	.96
              	.94
              	.98
              	.97
              	.98
            

            
              	Evaluation criteria
              	
              	< 3.00
              	< .08
              	> .80
              	> .80
              	> .80
              	> .80
              	> .80
              	> .80
            

          

          
            
              *** p  < .001 
            

          

          

          The results indicate that the model fits the data well. Specifically, the chi-square statistic was significant (CMIN = 149.27, p < .001), while the ratio of chi-square to degrees of freedom was within an acceptable range (CMIN/df = 2.13). The RMSEA value was .06, indicating a satisfactory level of approximation. In addition, the incremental fit indices showed excellent fit (GFI= .94, NFI = .96, RFI = .94, IFI = .98, TLI = .97, CFI = .98). Taken together, these indices suggest that the proposed model demonstrates a good fit to the data and is appropriate for testing the hypothesized relationships.

        

        
          Direct Effects Analysis
          Figure 2 presents the standardized direct effects among content consumption, conformity to defensive norms, conformity to heterogeneity norms, and xenophobia for the full sample (N = 345).

          
            
            

            Figure 2. 
				
            

            
              Standardized Direct Effects Between Main Variables (N = 345)
            
            

            

          

          Content consumption had significant positive effects on both conformity to defensive norms (β = .23, p < .001) and conformity to heterogeneity norms (β = .29, p < .01), indicating that higher levels of content consumption are associated with stronger conformity to defensive norms and heterogeneity norms toward Chinese people. In addition, content consumption exerted a significant direct effect on xenophobia (β = .31, p < .001), suggesting that greater content consumption is directly related to stronger xenophobic attitudes.

          Consistent with expectations, group norm conformity also showed significant positive effects on xenophobia. Specifically, conformity to defensive norms (β = .15, p < .05) and heterogeneity norms (β = .18, p < .05) were both positively associated with xenophobia. Taken together, these results indicate that content consumption influences xenophobia both directly and indirectly through these normative pathways.

        

        
          Indirect Effects Analysis
          Table 8 reports the standardized indirect effects of content consumption on xenophobia through conformity to defensive norms and heterogeneity norms. The results show that content consumption had a significant indirect effect on xenophobia via conformity to defensive norms (β = .04, p < .05) and via conformity to heterogeneity norms (β = .06, p < .05). In addition, the total indirect effect, combining both mediators, was significant (β = .10, p < .01).

          
            Table 8. 
				
            

            
              Standardized Indirect Effects of Content Consumption on Xenophobia
              (N = 345)

            
            

          

          
            
              
                	Paths
                	Effect size
              

            
            
              	Content consumption → Conformity to defensive norms → Xenophobia
              	
                .04*
              
            

            
              	Content consumption → Conformity to heterogeneity norms → Xenophobia
              	
                .06*
              
            

            
              	Total
              	
                .10***
              
            

          

          
            
              † p  < .10, * p  < .05, ** p  < .01, *** p  < .001 
            

          

          

          Taken together with the significant direct effect of content consumption on xenophobia, these findings indicate partial mediation through group norm conformity. Specifically, content consumption contributes to xenophobia both directly and indirectly by reinforcing conformity to defensive and heterogeneity norms toward Chinese people.

        

        
          Comparison Between Users in Conservative and Progressive Communities Model Fit for Multigroup Comparison
          To examine differences between users in progressive and conservative communities, a multigroup analysis was conducted. Table 9 reports the model fit indices for the final model after dividing the sample into the two groups based on community type. The results indicate that the model shows a good fit to the data. The ratio of chi-square to degrees of freedom was 1.67, which is below the recommended threshold of 3.00. The RMSEA value was .04, indicating a satisfactory level of approximation. In addition, the incremental fit indices all exceeded conventional cutoff values (GFI = .91, NFI = .93, RFI = .92, IFI = .97, TLI = .96, CFI = .97), suggesting an overall good model fit. Overall, these results indicate that the proposed model fits the data well and is suitable for subsequent multigroup comparisons.

          
            Table 9. 
				
            

            
              Model Fit Indices for the Multigroup Analysis by Community Type
            
            

          

          
            
              
                	
                	Absolute fit indices
                	Incremental fit indices
              

              
                	
                  CMIN
                
                	
                  CMIN/df
                
                	
                  RMSEA
                
                	
                  GFI
                
                	
                  NFI
                
                	
                  RFI
                
                	
                  IFI
                
                	
                  TLI
                
                	
                  CFI
                
              

            
            
              	Test statistic
              	241.12***
              	1.67
              	.04
              	.91
              	.93
              	.92
              	.97
              	.96
              	.97
            

            
              	Evaluation criteria
              	
              	< 3.00
              	< .08
              	> .80
              	> .80
              	> .80
              	> .80
              	> .80
              	> .80
            

          

          
            
              *** p  < .001 
            

          

          

          
            Direct Effects Analysis
          

          Figure 3 present the standardized direct effects for users in conservative and progressive communities. In both groups, content consumption showed significant positive effects on conformity to defensive norms, heterogeneity norms and xenophobia, indicating that greater content consumption is consistently associated with stronger group norm conformity and higher levels of xenophobia.

          
            
            

            Figure 3. 
				
            

            
              Standardized Direct Effects among users in Conservative and Progressive Communities
            
            

            

          

          Important group differences were found in the paths from the mediators to xenophobia. For users in conservative communities, conformity to heterogeneity norms had a significant positive effect on xenophobia (β = .27, p < .05), whereas the effect of conformity to defensive norms was not significant (β = .13, p > .05). In contrast, in progressive communities, conformity to defensive norms was positively associated with xenophobia (β = .18, p < .10), while the effect of heterogeneity norms was not significant (β = .08, p > .05).

          Taken together, these results suggest that although content consumption directly predicts xenophobia in both groups, the underlying mechanisms differ across user groups. Conformity to heterogeneity norms appears to play a more salient role among users in conservative communities, whereas conformity to defensive norms is more relevant among users in progressive communities.

          
            Indirect Effects Analysis
          

          Table 10 presents the standardized indirect effects for users of conservative and progressive communities. Among users in conservative communities, content consumption had a significant indirect effect on xenophobia through conformity to heterogeneity norms (β = .09, p < .01), whereas the indirect path through conformity to defensive norms was not significant (β = .03, p > .05). The total indirect effect was significant (β = .12, p < .01), indicating that heterogeneity-based conformity constitutes the primary mediating pathway in this group.

          
            Table 10. 
				
            

            
              Standardized Indirect Effects by Community Type
            
            

          

          
            
              
                	
                	Conservative communities
                	Progressive communities
              

            
            
              	Content consumption → Conformity to defensive norms → Xenophobia
              	.03
              	
                .05†
              
            

            
              	Content consumption → Conformity to heterogeneity norms → Xenophobia
              	
                .09**
              
              	.02
            

            
              	Total
              	
                .12**
              
              	
                .08*
              
            

          

          
            
              † p  < .10, * p  < .05, ** p  < .01, *** p  < .001
            

          

          

          Among users in progressive communities, the indirect effect through conformity to defensive norms was significant (β = .05, p < .10), while the indirect effect through heterogeneity norms was not (β = .02, p > .05). The total indirect effect remained significant (β = .08, p < .05), suggesting that defensive norms conformity plays the more central mediating role in this group.

        

      

    

    

  
    
      DISCUSSION
      The primary objective of this study was to examine the mechanisms through which content consumption within Korean online communities is associated with xenophobia toward Chinese people. Grounded in the Social Identity Model of Deindividuation Effects (SIDE), the study examined whether routine content consumption strengthens conformity to community norms, specifically defensive norms and heterogeneity norms, and whether these norm-based processes contribute to xenophobia. The study also examined whether these relationships differ between users in conservative and progressive online communities.

      To address these aims, a structural equation model was estimated to test both the direct effect of content consumption on xenophobia and its indirect effects through conformity to defensive and heterogeneity norms. A multigroup analysis was then conducted to compare the differences in path coefficients between users in conservative and progressive communities.

      The results suggest that content consumption was positively associated with conformity to both defensive and heterogeneity norms, and predicted xenophobia both directly and indirectly. These findings suggest that even routine engagement with online community content may be associated with xenophobia not only through a direct relationship but also through stronger conformity to negative community norms and greater perceptions of outgroup difference. Importantly, the multigroup findings indicate that the normative mechanisms linking content consumption to xenophobia may vary across community types. Among users in conservative communities, conformity to heterogeneity norms significantly predicted xenophobia and mediated the relationship between content consumption and xenophobia, whereas conformity to defensive norms did not show a significant direct effect. In progressive communities, conformity to defensive norms was positively associated with xenophobia and served as the primary mediating pathway, whereas heterogeneity norms did not significantly predict xenophobia. These patterns suggest that political orientation may shape which normative process becomes more salient in translating content consumption into xenophobic attitudes, although such differences should be interpreted with caution.

      These findings provide important insight into how routine content consumption within online communities may relate to xenophobic attitudes through both direct and norm-based pathways. Content consumption was positively associated with conformity to defensive norms, conformity to heterogeneity norms, and xenophobia, even when users did not actively participate through posting or commenting. This suggests that passive engagement with community content is not neutral but may be linked to stronger conformity to prevailing community norms and more negative evaluations of outgroups.

      The direct association between content consumption and xenophobia is particularly noteworthy. Although indirect effects through conformity to defensive and heterogeneity norms were observed, the magnitude of the direct pathway suggests that repeated exposure to community content itself may be related to exclusionary attitudes. This pattern aligns with cultivation theory (Gerbner et al., 2002), which posits that sustained exposure to a stable media environment gradually shapes perceptions of social reality. In online communities where certain narratives about China and Chinese people circulate, routine exposure may contribute to the normalization of particular interpretations and evaluations over time.

      Importantly, content consumption in this study referred to general engagement with community content rather than exposure to explicitly anti-Chinese material. The finding that such general browsing behavior predicts xenophobia suggests that attitudes toward outgroups may be shaped through repeated exposure to broader communicative environments in which certain evaluative frames and narratives are prevalent. Prior research similarly indicates that exposure to consistent ideological or narrative environments can influence perceptions of social groups, even when individuals are not directly engaging with explicitly targeted content (Bliuc et al., 2021; Stroud, 2010).

      While the overall relationship between content consumption and xenophobia was observed among users in both conservative and progressive communities, the mechanisms linking norm conformity to xenophobia differed. Among users in conservative communities, conformity to heterogeneity norms appeared to be more strongly associated with xenophobia, whereas among users in progressive communities, conformity to defensive norms appeared to play a more prominent role. Descriptive patterns further highlight meaningful differences between user groups. Users in conservative communities exhibited higher baseline levels of both conformity to defensive and heterogeneity norms, which may suggest that these environments are associated with stronger normative climates emphasizing outgroup threat and distinctiveness (Yang, 2010). These differences suggest that ideological context may shape not only the strength of norm endorsement but also which dimension of conformity is more closely linked to xenophobic attitudes.

      These patterns may be understood in relation to differences in how group identity and intergroup boundaries are constructed across ideological contexts. In politically conservative environments, prior research suggests that group cohesion is often reinforced through clearer distinctions between ingroup and outgroup (Brewer, 1999; Tajfel & Turner, 1986), which may increase the salience of perceived differences and social distance. In such contexts, conformity to heterogeneity norms may more readily translate into negative evaluations of outgroups. By contrast, in more progressive environments, where overt boundary drawing may be less emphasized, defensive interpretations of outgroups may emerge in more situational or issue-specific ways. In these settings, conformity to defensive norms may be influential in shaping xenophobic responses. From a SIDE perspective, these patterns suggest that the specific content of salient group norms may vary across ideological environments, even when the underlying process of norm conformity remains similar (Reicher et al., 1995). Together, these findings suggest that content consumption, group norm conformity, and ideological environment may operate in interaction rather than isolation. Digital polarization does not uniformly intensify hostility, instead, it may structure the specific pathways through which community norms influence intergroup attitudes.

      This study also contributes to the Social Identity Model of Deindividuation Effects (SIDE) by clarifying how group norm conformity functions in politically differentiated online spaces. SIDE proposes that when group identity becomes salient in mediated environments, individuals align their attitudes with perceived group norms. The present findings are consistent with this framework, as conformity to defensive and heterogeneity norms was associated with xenophobia, indicating that negative evaluations towards Chinese people may be embedded within community-specific normative background. At the same time, the significant direct association between content consumption and xenophobia suggests that norm alignment may be reinforced not only through anonymity and identity salience, but also through accumulated exposure to dominant narratives. In this respect, the findings extend SIDE by suggesting that passive content consumption can operate alongside identity-based processes in shaping norm-consistent attitudes. Norm conformity in online communities may therefore emerge through both deindividuation dynamics and exposure-based reinforcement.

      The findings of this study have several practical implications that can be applied across different fields. First, the significant role of group norm conformity in shaping xenophobic attitudes highlights the importance of normative climates within online communities. Platform providers may benefit from focusing solely on individual instances of harmful content and instead pay attention to broader patterns of interaction that signal emerging norm structures. Monitoring sustained patterns of exclusionary framing or repeated emphasis on outgroup difference may help identify environments in which xenophobic norms are becoming normalized.

      Second, the strong association between routine content consumption and xenophobia underscores that passive engagement is not inconsequential. Interventions may need to extend beyond moderating active posting behavior but should also address the cumulative influence of repeated exposure to homogeneous narratives. Platforms may consider incorporating design features that increase exposure to diverse viewpoints or contextual information, thereby reducing the likelihood that dominant narratives go unchallenged. Media literacy initiatives may also emphasize how repeated exposure to consistent community narratives may gradually shape perceptions of outgroups, even in the absence of deliberate intent.

      Third, the observed differences between users in conservative and progressive communities suggest that interventions could be sensitive to ideological context. Because conformity to heterogeneity norms played a more central role among users in conservative communities while defense-oriented norms were more influential in progressive communities, strategies aimed at reducing xenophobia may need to account for distinct normative mechanisms. In communities where boundary differentiation is salient, efforts to highlight shared identities and reduce exaggerated perceptions of difference may be particularly relevant. In communities where defensive framing is more prominent, interventions that reduce perceived threat and promote constructive intergroup dialogue may be more appropriate. Similar dynamics may also operate in algorithm-driven social media environments. Recommendation systems often amplify content that aligns with users’ prior preferences, potentially reinforcing dominant narratives within ideologically homogeneous networks. When repeated exposure strengthens particular normative frames, whether emphasizing outgroup difference or defensive threat perceptions, algorithmic curation may indirectly contribute to the consolidation of those norms. Accordingly, social media platforms that rely on personalized recommendation systems should consider how algorithmic amplification interacts with community-level norm dynamics, especially in politically polarized contexts.

      Despite its contributions, this study has several limitations. First, the measurement of group norm conformity should be interpreted with caution. Although the construct was intended to capture individuals’ alignment with perceived group-level norms, the items used in this study may not fully reflect the substantive content of those norms. In particular, the items assessing conformity to defensive norms relied on general expressions such as “defensive attitudes,” rather than directly measuring perceptions of threat or competition. As a result, this operationalization may not fully capture the specific mechanisms through which defensive norms are linked to xenophobia. In addition, the measures were developed specifically for this study and consisted of a limited number of items, which may constrain their validity and reliability. While the alignment-based and norm-weighted scoring approach was theoretically grounded, it may still oversimplify the complex and multidimensional nature of normative processes in online communities. Future research could benefit from developing and validating multi-item scales that more directly capture specific normative contents, such as perceived threat, competition, and intergroup boundaries, to provide a more precise measurement of group norm conformity.

      Second, the cross-sectional and time-bound nature of the data constrains causal and temporal inference. The data were collected during a relatively stable social and political period. However, xenophobic attitudes are often sensitive to major events such as elections, public health crises, or international conflicts. As a result, the findings may not fully capture how shifts in the broader sociopolitical environment reshape online norm dynamics over time. In addition, the cross-sectional design limits the ability to separate causal effects from possible selection effects. It is possible that individuals who already hold stronger attitudes toward Chinese people may be more likely to engage with communities that reflect those views, rather than such attitudes being shaped through exposure alone. Longitudinal or experimental designs would help clarify how the causal relationships among content consumption, norm conformity, and xenophobia evolve under changing contextual conditions.

      Third, the analysis focused on politically oriented Korean online communities and xenophobic attitudes toward Chinese individuals, which constrains generalizability. Given the specific historical and sociopolitical dynamics between Korea and China, the mechanisms identified here may not operate identically in other cultural settings or with different outgroups. Replication across diverse national contexts and online environments would help assess the broader applicability of the proposed framework.

      Another limitation concerns the measurement of community engagement. Participants were classified based on their self-reported most frequently used online community, which may not fully capture the complexity of users’ engagement patterns. This approach does not distinguish between individuals who use multiple communities at similar levels and those whose usage is concentrated in a single community. As a result, the categorization may oversimplify users’ exposure to different normative environments. Future research could explore the influence of multi-community engagement to better capture the diversity of users’ online experiences.

      Finally, future research could include several potentially relevant variables in the model. Individual-level factors such as age, gender, education, socioeconomic background, and pre-existing political attitudes may influence both content consumption and xenophobia but were not explicitly included in the present analysis. Broader variables such as exposure to China-related discourse on other platforms (e.g., social media or video-sharing platforms) and direct offline interactions with Chinese individuals may also shape intergroup attitudes. In addition, engagement was operationalized solely as content consumption, which may not fully capture the diverse ways individuals participate in and influence online community dynamics. Environmental characteristics, including perceived anonymity or platform affordances, were also not explicitly examined. Future research should incorporate more nuanced measures of individual and contextual variables to provide a more comprehensive understanding of online norm dynamics.
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